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ABSTRACT

The objective of this research is to study the process of purchasing raw materials and components that are imported
from abroad to find the cause. And recommend appropriate and accurate forecasting methods for each imported raw material
and components. Which has collected information from inquiries and observations from personnel in the department. In
addition, the data on demand for raw materials and components from the past 2 years was analyzed by using a fishbone diagram

and Microsoft Excel as a tool to find suitable forecasting methods.

The results of the study showed that the problems that could be solved were tools and information factors. As the

company does not have a tool to assist in decision making and the demand for raw materials and components is scattered and



has only a few years of historical data backup. Therefore analyzed Collect data and create decision-making tools using Microsoft
Excel. The results of the analysis revealed that the appropriate quantity or quantity of orders varies depending on the type of
raw materials and components. Including the amount of demand per month and the method of forecasting the error at that month

if the quantity or quantity of orders is suitable, the company can reduce the import of raw materials and components by air.

KEYWORDS : Forecasting Method, Material Requirement Planning, ECRS
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1 1231 Exponential Smoothing (0.5) 85.71% 85.71% 100.00% 0.0915 0.0093 233.11%
2 1232 Exponential Smoothing (0.5) 100.00% 100.00% 100.00% 0.0749 0.0048 79.19%
3 1233 Exponential Smoothing (0.5) 85.71% 100.00% 100.00% 0.1288 0.0196 59.12%
4 1234 Exponential Smoothing (0.5) 85.71% 85.71% 100.00% 0.1288 0.0196 1216.87%
5 1294 Naive 57.14% 80.00% 80.00% 0.0547 0.0096 220.40%
6 1295 Naive 57.14% 80.00% 100.00% 0.0547 0.0096 220.40%
7 1298 Exponential Smoothing (0.1) 71.43% 83.33% 100.00% 0.3262 0.1748 980.26%
8 1770 Exponential Smoothing (0.5) 78.57% 80.00% 88.89% 0.2000 0.0472 94.42%
9 1771 Exponential Smoothing (0.5) 78.57% 80.00% 88.89% 0.2000 0.0472 94.42%
10 1A02 Exponential Smoothing (0.5) 85.71% 90.00% 100.00% 0.2391 0.0564 89.30%
11 1A19 Exponential Smoothing (0.5) 78.57% 76.92% 100.00% 0.1316 0.0162 79.66%
12 1A38 Naive 84.62% 90.00% 90.00% 0.1729 0.1559 196.88%
Month 15 13 1A39 Naive 84.62% 90.00% 90.00% 0.1729 0.1559 196.88%
14 1A40 Naive 84.62% 90.00% 90.00% 0.1729 0.1559 196.88%
15 1A41 Naive 84.62% 90.00% 90.00% 0.1729 0.1559 196.88%
16 1A87 Exponential Smoothing (0.5) 85.71% 85.71% 100.00% 0.0953 0.0120 133.31%
17 1A92 Exponential Smoothing (0.5) 92.86% 92.86% 100.00% 0.0955 0.0164 154.16%
18 IB13 Exponential Smoothing (0.5) 92.86% 92.86% 100.00% 0.0730 0.0153 177.31%
19 1B20 Moving 3 Month 100.00% 100.00% 100.00% 0.3640 0.2015 136.13%
20 IC89 Moving 3 Month 100.00% #DIV/0! #DIV/0! 1.9658 2.0715 66.81%
21 1951 Moving 4 Month 30.00% #DIV/0! 0.00% 1.5000 1.1250 #DIV/0!
22 1C90 Moving 3 Month 100.00% #DIV/0! #DIV/0! 2.8827 5.1691 68.76%
23 1C93 Moving 4 Month 100.00% 100.00% 100.00% 0.7855 0.5449 146.67%
24 D06 Naive 75.00% 83.33% 83.33% 0.1712 0.3464 501.38%
25 D44 Exponential Smoothing (0.5) 33.33% 100.00% 100.00% 0.0017 0.0000 -
26 D46 Exponential Smoothing (0.5) 33.33% 100.00% 100.00% 0.0017 0.0000 -
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Raw Material Model Forecast Actaul | % Model | Appropriate Value (Pcs.)
1231 Exponential Smoothing (0.5) 29,463 | -10.63% 26,329.99
1232 Exponential Smoothing (0.5) 128,907 0.39% 129,415.08
1233 Exponential Smoothing (0.5) 11,772 | -2.28% 11,503.24
1234 Exponential Smoothing (0.5) 11,772 | -2.28% 11,503.18
1294 Naive - - #VALUE!

1295 Naive - - #VALUE!
1298 Exponential Smoothing (0.1) 2,304 | -1.58% 2,267.57
1770 Exponential Smoothing (0.5) 41 -4.91% 38.99
1771 Exponential Smoothing (0.5) - -4.91%
TA02 Exponential Smoothing (0.5) 1,962 | -13.46% 1,698.00
1A19 Exponential Smoothing (0.5) 170 | 11.46% 189.48
1A38 Naive 106,069 | -9.59% 95,900.90
MONTH 15 1A39 Naive 106,069 | -9.59% 95,900.90
1A40 Naive 106,069 | -9.59% 95,900.90
1A41 Naive 106,069 [ -9.59% 95,900.90
1A87 Exponential Smoothing (0.5) 24,974 2.69% 25,646.88
1A92 Exponential Smoothing (0.5) 57,134 | 0.90% 57,650.61
IB13 Exponential Smoothing (0.5) 25,814 -1.19% 25,506.31
1B20 Moving 3 Month 6,412 | 3.94% 6,664.55
1C89 Moving 3 Month 1,683 | 42.96% 2,406.00
1951 Moving 4 Month 2 | #DIV/O! #DIV/0!
1C90 Moving 3 Month 1,683 | 44.74% 2,436.00
1C93 Moving 4 Month 16 6.25% 17.00
1D06 Naive 16,500 | -17.30% 13,645.16
1D44 Exponential Smoothing (0.5) - 0.00%
D46 Exponential Smoothing (0.5) - 0.00%
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